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Conclusion Broader | t
- converges 1.6 times to 2.4 times faster than all competing state-of-the-art methods. - NDSS’23: Our paper is accepted by the Network and Distributed System Security Symposium 2023 - Summer Review Cycle
- provides the same or better accuracy than competing methods. - the ONE conference 2022: Our team was invited to present our work at ONE conference 2022.
- vyields the lowest ASR compared to all other methods, with the average ASR of them being at least 72.3% higher than ours
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